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ABSTRACT

A Recommender System (RS) is a system that provides optimized information to users in an over-supply situation. The
key to RS is to accurately predict the behavior of the user. The Matrix Factorization (MF) method was used for this
prediction in the early stage, and according to the recent SNS development, social information is additionally utilized to
improve prediction accuracy. In this paper, we use RS internal trust cluster, which was overlooked in previous studies, to
further improve performance and analyze the characteristics of trust clusters.
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